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Digital platform for qualification and certfification of
advanced manufacturing processes
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Driving the Next Materials Revolution
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with Advanced Manufacturing
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IN-Situ Quality Control of AM Processes using Al

Edge detection Geometl‘ic accura.cy map

Comparison between ex-situ Computed
Tomography and in-situ sensing

Porosity detection
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(left) 8um resolution CT vs. (right)
100um resolution in-situ

Soyrce Neural network
NIR image results

Instrumenting
the AM
Machines

Data Al / Machine Anomaly Real time results on par with
Acquisition Learning Detection traditional method
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Achieving Uniform, Defect-Free Microstructures through
Data Analytics and Al
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BinderJet: Al based defect detection and correction
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In-situ imaging
modalities: visible Al-based defect detection
and infrared

ExOne M-Flex equipped
with in-situ sensing

Implementation of an Al-based feedback
loop conftrol for defect correction
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Scan strategy optimization for microstructure control
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